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A Study on Analysis and Utilization of
Crowd-sourced Spatio-temporal
Contexts from Social Media
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In recent information environment, social media enabling
us to share various user-generated contents such as lifelogs
photos, and video clips have become widespread rapidly. As
for social media shared over the social network sites, the most
important characteristic of social media is that they are
created and shared by numerous crowds’ voluntary
participations reflecting their real-world lives in real-time.
Furthermore, compared to the conventional media, social
media on the social network services may reflect various
aspects of people's social activities. In this work, we analyze
and utilize massive user-generated contents over social media
to examine their availability by focusing on collaborative and
spatio-temporal aspects of social media. In this doctoral
thesis, we show approaches to collaboratively and
spatio-temporally analyze and utilize user-generated
contents.
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scene 4 scene 6

“Saved!” “Nice keeper” “Do your best”  “Keeper saved”
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