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Recently, many studies on blog spaces have been pub-
lished. In this paper, we propose a technique to discover
frequent blogger communities across the multiple months
in bloggers graphs. In our method, a node of bloggers
graph represents a blogger and an edge represents a
trackback connection. The discovery of frequent commu-
nities leads to the identification of groups of bloggers with
common interests. The technique, which uses the clus-
tering algorithm proposed by Newman, extracts and
clusters frequent subgraphs. After experimentally col-
lecting blog articles and creating bloggers graphs, we ap-
plied the proposed technique and discovered the frequent
communities.
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Fig.1 An example of labeling and creation of TDB
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Fig.2 An example of frequent community extraction
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