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Search services such as those performed by an intel-
ligent personal assistant provide search results based
on user input (questions) by relating them in syn-
thesized speech form and/or by displaying them on
a screen. Search services of this type select an ap-
propriate database in advance to generate better re-
sponses. When the system receives a question, it se-
lects a database by judging the category under which
the question falls. Through an analysis of 45,000 ques-
tions, we find that questions can be divided into two
types. One contains informative words that fall under
a certain category, and the other does not contain any
such words. In this paper, we tackle the category clas-
sification problem of the latter type of questions. We
formalize the problem as a multi-class classification
with supervised learning. Because questions usually
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consist of only a few words, the shortage of linguis-
tic features results in misclassification if merely a ma-
chine learning technique is used. To avoid this prob-
lem, we propose a novel feature extraction method
that reflects the word occurrence in each category.
Experiments show that the method can improve clas-
sification accuracy.
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