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In recent years, a large amount of data have been ac-
cumulated in bibliographic datases, and hence mining
techniques for such data have been attrancting great
attentions. Among them, it has become more impor-
tant to extract topics and their chronological evolu-
tion process. If reserchers get evolutions of research
topics, they can obtain useful information, e.g. , how
research topics have emerged, diversified, integrated,
or diminished as time passes. In this research, we pro-
pose a scheme for detecting the chronological evolu-
tion process in a bibliography database based on ma-
trix factorization. More precisely, we exploit citations
to improve the accuracy due to the fact that they con-
vey useful information. We conduct experiments to
show the feasibility of the proposed scheme.
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