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*1 https://itrust.sutd.edu.sg/testbeds/secure-water-treatment-swat/
*2 https://itrust.sutd.edu.sg/testbeds/water-distribution-wadi/
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Validating:
Compute anomaly scoresArnn (X)) using validation
dataset

Lopn (X) = kKX Gran (Eran (X))ke (equation
)

Logw (X) =  (Drnn (X5 Ernn (X)); 1) (equation
(10))

ARNN (X) = L gauy (X)*+(1  Lpgy (X) (equa-
tion (8))

De ne N% of the time-series subsequences with the

highest Agnn (X') @s anomalous

Compute F1-value using the anomaly detection results
end for
Testing:
Restore the model with the highest F1-value in K epochs
Compute anomaly scoresAgrnn (X)) using test dataset
based on the above model

Lern (X)= kX  Grun (Ernn (X))k1 (equation (9))
LDRNN (X ) = (DRNN (X s ERNN (X )),1) (equation (10))
ArnN (X )= L e (X)+(1 )Lpgy (X)) (equation
(8))

De ne N % of the time-series subsequences with the high-

est Arnn (X ) as anomalous
Compute Fl-value accuracy and false positive rate us-
ing the anomaly detection results
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5.3.2 EncDec-AD

EncDec-ADIZAutoEncoder% i\ 7z EHRHM DO FIETH 5.
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5.3.3 LSTM-AD
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Method Fl-value | Accuracy | False positive rate
Efficient GAN [4] 0.18 0.67 0.21
EncDec-AD [27] 0.19 0.68 0.20

LSTM-AD [24] 0.55 0.82 0.11
MAD-GAN [5] 0.46 0.67 0.33
MARU-GAN 0.62 0.85 0.09
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Method Fl-value | Accuracy | False positive rate
Efficient GAN [4] 0.20 0.68 0.20
EncDec-AD [27] 0.19 0.68 0.20
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