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To uncover the functions and the latent structure of
large-scale complex networks, the task of extracting
community is an important research topic. In this paper,
we focus on nodes' functions such as relative locations in
network, roles, statuses, degree and so forth, and try to
extract functional community which consists of nodes
with the same function in order to uncover network
structure with a fresh eye. The functional community is
different from community based on link density, in terms
of not supposing connectivity of nodes in the functional
community. To extract the functional community, we
propose a new nodes-clustering method using the
PageRank score convergence curve. In our experiments
using representative artificial networks and real web
hyperlinke networks, we show how our proposed method
behaves and that proposed method can extract
meaningful functional communities.
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