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Relational join between two data sets is still sig-
nificant in mapreduce applications. This paper de-
scribes a new mapreduce algorithm of hybrid hash
join over two data sets R and S in cases where many-
to-many relationship between R and S is computed.
To control the unbalance of data skew, our algorithm
embeds a bucket regrouping strategy after the build-
phase mapreduce job of R, so that appropriate parti-
tioning be utilized in the mapreduce job of the probe

phase of S.
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Table 1 reducer’s time(sec.) per partition(HSJ,HSJ+BR)
HSJ HSJ+BR
Partitionl 18 16
Partition2 17 19
Partition3 7 76
Partition4 389 412
Partition5 | 1322 | 14,{367,306,302,404}
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