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A New Clustering Method based on Pattern
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Clustering is the process of grouping a set of objects into
classes of similar objects. Although many clustering
methods have been brought about, in most of these
methods the concept of similarity is based on distances,
e.g., Euclidean distance or Manhattan distance. It means
similar objects are required to have close values on at
least a set of dimensions. Although a pattern-based
clustering method has been brought about in last year, ;f\\\\
there are some problems on efficiency and extension. To T " —
solve those problems, we explore a new clustering method m=n =t
based on pattern in this paper. Using this method, we can
find interesting clusters that can’t be found by traditional
methods in the analysis of scientific data or business data.

Figure 1: 3 objects and 10 columns
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Figure 2: 3 objects form the same pattern
in subspace b, c, h,j, e
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Table A
from,to,Clu.](1,3,6),(3,4,8), (4,7,3) ,(1,4,1),
(1,7,9),(3,7,2) A
Al6, 8,3
Input: set of Vji, nr: minimal number of objects,
,V12=V2-V1 V1-V2 nc: minimal number of attributes
oid from to value d:user defined parameter
Output: middle clusters with more than nr objects
on more than nc attributes
oid: ID start=0;end=1;
from: new=true
to:
value: from to Repeat
S=Vend-Vstart
IT |S|<d
Input: Data set Then
Output: dlfferer_lce between attributes end=end+1
r: number of objects new=true-:
¢ number of attributes ’
Vj: the value of a object on attribute j else
V:k pattern segment output cluster if end-start>nr and
for(i=1;i<=r;i++) new=true;
for(j=1;j<=c;j++) start=start+1;
for(k=j+1;k<=c;k++) new=false;
Vijk=Vk-Vj; until end of data set
output cluster iff end-start>nr and
Figure :Algorithm 1 new=true;
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Figure : Prefix Tree
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