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Evaluation of an Interestingness Mea-
sure of Patterns Based on Frequencies
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In knowledge discovery in databases, the num-
ber of discovered patterns is often too enormous for
human to understand. Therefore, it is needed to
select only useful, interesting patterns from them.
For this purpose, we have proposed the sub+super
method that measures the interestingness of a pat-
tern based on how its actual frequency is higher
than those estimated from its subpatterns and su-
perpatterns. Compared to other existing meth-
ods, the sub+super method has ability to select
such a group of interesting patterns that are much
less redundant and cover as many features in the
database. In this paper, we evaluate the ability of
the sub+super method to select interesting patterns
through a comparative experiment with other exist-
ing methods.
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Table 1 Description for Databases and Frequent Pattern Generation in the Experiment
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Fig. 1 Cover and Redundancy Rates
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Table 2 Interesting Patterns Selected by Three
Methods from Database Zoo
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