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Disjunctive patterns are known as useful for text mining [6]
in a single document. In fact, due to anti-monotonicity, we OLAP(Online Analytical Processing)
can discuss efficient algorithm as APRIORI. In this work, ( APRIORI
we propose online analysis method for extracting frequent )
disjunctive patterns in trials and errors manner. And we
show the usefulness of the approach by examining
experimental results.
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Table.1 The number of Extracted Patterns
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Table.2 Execution Time (sec.) for Extraction
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Table.3 Construction Time (sec.) of DPL
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Words

(s]

fell 5245 7734

analyst 7345 7734

5
Table.5 Space Utilization (bytes), m = 20
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