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Frequent Itemset Enumeration as Matrix
Operation

L)

Masatoshi KAMIHARAKO Shigeru OYANAGI

Frequent itemset enumeration is a problem which has
been studied frequently in datamining field. This
problem is generally seen as operation on items and
transactions. On the other hand, we review this problem
as matrix operation. We can see this problem as finding
column sets of a certain type of density 1 submatrices
from a binary matrix, and the data structure for this
problem as deformed general matrix data structure. We
also show that we can define algorithms which use
general matrix data structures and represent this
problem as matrix operation.
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Fig.6 A Matrix Operation Tree of Belone
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1 http://fimi.cs.helsinki.fi/data/

2 http://fuzzy.cs.uni-magdeburg.de/~borgelt/fpgrowth.
html version 1.8, 2005.12.06
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