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The purpose of this study is to propose Context-Aware
Support Vector Machine (C-SVM) for application in a
context-dependent recommendation system. It is
important to consider users’ contexts (e.g. time of day,
companions, weather, and physical conditions) in
information recommendation, as users’ preferences
change with their contexts. However, currently there
are few methods which take users’ contexts into account.
Thus, we propose C-SVM extended the functionality of a
Support Vector Machine (SVM), a popular classifier
method used for two classes, by adding axes of contexts

to the feature space in order to consider the users’

contexts. We also propose Collaborative Filtering based
on C-SVM (C-SVM-CF). We then apply C-SVM and
C-SVM-CF to a restaurants recommendation system,
and then examine the effectiveness of each approach.
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Fig.3 C-SVM Model of User A and User B
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Table 1 Restaurants Parameters
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