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When searching for information on the Internet, it
becomes general to use search engines. Most of the
existing commercial search engines rank web pages and
show them in the order from the highest ranked web page
to the lowest. However, these conventional commercial
search engines are able to show only a limited number of
high ranked web pages. That means low ranked web pages
are not shown. If users get unranked web pages, they can
analyze these pages and may find useful web pages.
Therefore, this paper focuses on those that are not ranked
high enough to be on a search engine, which we call
“UnListed Search Result, ULSR.” We will propose an idea
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how to get them from the search engine and analyze web
pages in ULSR. In this paper, we divide query’s condition
into many small queries by using ’ (minus operator) in
order to gather all ULSR. After analyzing ULSR, we have
confirmed that it had a characteristic that ULSR consists
of web pages from various top level domains.
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for(i=0; i< TLD.Count; i++) {
query = input_query;
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deepSearch(query) {
HIBEENI T UTHRE
result ¢ search(query);
R < result U R;

/5 EOEBETIELI ISR result | TS ER# 12 18S
[ERERERDSRCERT IR RRETEEL
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BRI EMT 2ES
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deepSearch(query + “-” +useCondition);

1. EEFEDRLY = —F
Fig. 1. Pseudo-Code of Gathering Method
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1) 724 LR

S LFIEEEORNS, ZhETIZZ7 Y L LTHEAL

TWRWED LT E T v MR IRT S

2) BeAHERIN

A LFHFEEO T NS, ZHETICZ Y L LTHEMAL
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3) HhoRfEERIR
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3.1.5 BRI ND API #ALDOHH
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LEBEEL TS, ARIZBWTAL FA E TV % Yahoo!
JAPAN, Google, MSN @ 3 LIV T 1L bR %E Web — 1 2
ZHAWEZ API 2L T\ 5. UL, £ o0mFE API
OFITENT, MRV UIEE 1 ISR TR AR T
TW5. flz1E, Yahoo! JAPAN M#5% API Tix 5 5El/ A
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RERFIEICBWD TRZMENHENIC B TEGE,

T 1. BRARLo Yo O APLACRT Bk
Table 1. Limitation of Accessing Search Engines’ API

Eigx\!f Google MSN
%;ﬁ@%g 50,000 1,000 25,000
N T U
%ﬁgiéég 50 10 50
Qé;é IP7 Rz iiifx IP7 KL%

1,000 D FRAE R 2 B 5 7201213 40 [BIOR RS LB L
72%. 5%V, Yahoo! JAPAN 2B TAFIENSHARN I
SN IRETDE, 1 HT 1,250,000 D54 RN ER
BTES. F-MSNICBWTIZ1 HIC 2 5 5 TRIOKEMN
HRETH D DT, HAAMITIE 1 HIT 625,000 RO MZEHRS 20
BAATE 5. 2 HHRERRE RSB 2RI T O BS:
HThrlw, EBEITZNOOBTIY bR 5.
3.2 Unlisted Search Result D fE4T
31ICBWTIRELETEEZ AW TEE L ULSR iI2x L
TN EITY . 6k, BB VL ORBRERE 7 FTAXY
I HFRERN onERE STV A 4l5][18]. LasL,
INBDOFEE, DRVERE Y TAL A DT T AKX Y
T EICEREEENTWS. £D78, &41,000 {4
FEORBRER LS E LTELT, 4E0 L 512 ULSR
D& D BRI ETT ~F AT DR R RE S TG TE
RN, E77, KFRCOMNTTIE, ULSR &, LSR O ik% 1T
VY, ZTOFEWNLCEHEMET A Z LB LD FIT,
AL TIE, A=y N TRAZ Y 73T, Bk
FFEFD Web ~—IZHNTZ kv 7 LoUL R A A (TLD) D
DARDKZITH> Z L& Lz,

4. FRM@EER
4.1 EBRHE

AETIE, 3HICTIRE L7 ULSR WETEE AV - £
179, £79, 314 ICTRELEZ3TFEDOI L, FoPik
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FBREITD. HWT, ZOEBRERICB O TRBEIEL I
BCTELETEZHWT, BB D UBOEWE DD
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4.2.1 BFRINGA—4
KEBRIZBWTRELE, BB DB 5% T
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#{T-7-. Yahoo! JAPAN 232ft L T\ % API % VTR
EITOTBRICRE LTEMBNNT A —F 2K 2 1TRT. F£T2,
Google, MSN (ZBIF 2MRFBE/NT A —F DFEHLE 2 ORE
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A A DFEEL, Yahoo! JAPAN, Google (28 T URL i
B SLTINOREEITOLENDHD. AL L ORE
URL OERS SCFEHNDIEEICIL, FHEN 3.1.2 T~z site
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JF—F—ay) THLIEICL> T L— B E A
LA TV T 2 b DO 2MmBEOXMG L Lz,
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Table 2. Parameter Set for Yahoo! JAPAN Web Search
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Table 3. Results Comparison of Gathering Methods
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Fig. 2. Relation between gathered rate and estimated hit count by using Yahoo! JAPAN, Google, MSN
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