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The graph data with the complex structure in-
creases more and more along with the diversifica-
tion of the accumulated data. We proposed struc-
ture similarity and graph clustering in accordance
with the feature of target graph sets, and have been
examining the characteristic. In this paper, to in-
troduce background knowledge in target field into
similarity calculation, we extend this clustering al-
gorithm and validate the evidence. And we propose
new structural analysis system for target graph sets.
This system is applied to create new graph struc-

tures for new molecular entity.
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Fig. 1 Examples of substructure distribution matrices
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Fig. 2 Extraction and relabeling of the maximum com-

mon graph in each cluster
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Fig. 3 Examples of difference-subgraphs
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Fig. 4 Examples of new composed-graphs
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Fig. 9 Examples of extracted clusters in flabonoids data
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Fig. 10 Clustering results and maximum common graphs
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