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The purpose of our work is to develop a scalable hybrid
recommender system against the increase of users and
contents. We adopt Locality Sensitive Hashing that is able
to search similar contents to a query at the very high
speed. Our method creates a LSH index of contents and
users in advance, and search similar contents and users
at the same time in the recommendation. Using the
search results, we construct the hybrid recommender
system. The evaluation of the recommender system with a
book-crossing dataset has revealed that it is 9 times faster
and statistically significant increases of precision than the
traditional collaborative filtering method.

1. [FCHIZ

T, 2T oY OT VAR E bW D a T
YADT T EARAREICR > TETCND, =& 2, EE,
Web¥ A N, =a—RFHE, 7 rr, M, TE, %, B
B EA v H—F%y b BICIIER T o2 b Eni-a
TUYNERINTWDS, TDED, TNHDOK2a T
CYDOHRNLRKOH LT Y Ea— R FEICEL
HI DT L 2> TETWAD, ZD XD Rz ET S
7O =S DI % VAT AR L, 22— ifiea v
TUYERRRT DA T UYHE Y AT AOBEEENEE

*ERB MRASHEY BB E L ¥ —
kouichiroul.mori@toshiba.co.jp
bR ArERE BRERR R 2 —

tomoko.murakami@toshiba.co.jp

STW5H,

AT UVHE AT AMIRELS ST DB Ea T YN
— 2T a2 ) TR TE B 2Ty
NR—ZATHEFEIL, 2T Y ONFIZES S FEOKRKTTH
D, —PnFear7 Y ERENEHLZay T oY &
HEET 2 OREARNLR T8 CH D, —J5, W7oz v
IR, AD2—F T a7 7 A LEFHT 5 FREOR
HTHO., B EHAOBERPNEE L T2 —F AL,
FOa—FRea T Y HEET D ORI T8
Th b,

AR THRR LT WEEIT 25D, —oDiE, 2T
VN — ZTUHEE L BT 4N Z ) o IR O N L — N
TTH D, ME A ORI A R > TV CHEAI 72 Bt
WD, 20, £ S nEMORH CIER+5o0 22 HiE
LNTERVWEWIFREND 5,

ZOoDE, WEOA S —F VT 4 ThDH, Ar—JEY
FADEN (A —FTNR) B AT LEE, R ET
DT =SB (2—HPE, a7V BREL 2S5 TYH
EHICEMET 2V AT A%T, LEEBRLHicarT
YR 2R T o BT BT o v 2 Y
VR I E e — P R RS OREARN 2T I —F T
Hb, TORD, kO Ty R—2ABIHEETIT, 2
FUVENBEZ ADIZ LR ST, BT oz U TR
BT, 22—V I ADIC LN >TATr—F ) T 4
PIETTHENHIEND D,

—OODREE RIS D NA TV v REHEET LI X
AlE, TTIZEL DT AT ZABPERREINTWED, Kk
LTI, R OO A RFICRRT B R —F T LI
A7)y RBRIHET LT ) AAERET D,

W, U Lzar T oY @Bl mBE T2 FEH 50T
I — ik & L CLocality Sensitive Hashing (LSH)72 ¥ H
DTV A[2][8]14][5][6], LSHIZ, 2T oY aH 0L
Ny Y 2T =T ERRHEND T — X G IR D (v
FxLU) Ty arsFuoY LEHLEZaryT Yy
KRB 2 T VAP BIEFICEEICHRE TE D,

AR TIRET DA 7Y v FERIHEE T L2 ) X ALSH
B R—=RZ L TN D, BETIEN, /EROLSHE HV 72580
ar 7 UV RFBRY AT L7819l & Bie B X, [A—OLSH
Warsrybta—VEEMNTLIETr ) CHEELE
ayF oY ba—YERBHIRET S MICH D, LSHTHHE
L7l a T o vEd s Llzar s oy N— 2
Lica—Hab LIl v 2 U v ZRIHERE 24T\ ) il 5
OFEREHE LTS TV » FRHEE % 52819 5, LSHIZ A
T=I VT 4IENTEY, BHTsar 7Y 22—
FHEBEFICREL RoTHLHLBRENBETH LD
—VE, T UV EOBEINCH L TR —F TN T
U RRIHEENEHR T 5,

2ETIL, ATV MRS, LSHEH W=7
VYRRBICET AR R LD D, SETIE, BETE
Z BARAIZEH T 5, 45Tl REFIEODREMHERTS
72O RIFBET — % & > b & O 73l B R o\ Tl
N5, BETIE, &z F L. SHOBEERRS,

2. HEEMR
HET LI XNE, BloarTF oy _—2 B L #EHT

BAT—AR—RPERMNEE Vol.7, No.4
2009 % 3 A



DBSJ Journal, Vol.7, No.4
March 2009

A TR
ShTwslil,
INAT Y w RENZ, a T o R_R—=ZB L3387 o LAY
v ITRIORHEE A DR HETIETHY, 207 T a—
FIIMDITHETE B[], —oDiE. W7 a2 7
AT YRR RR| 2T, B ROa T YR
AT 4 VT EEEGTDHETHH10]l, ZoHiF, Wi~ «
NEZY T ETIZLTarT Y _R—2DR B &RV ATe
FiETh b, Iz z2iE, 22—V O MLEar Ty
ID OHEATIE/RL, HiERLar T U YNETEHL, &
T b vERAWCCEPa— 2 RR T2 5END 5111,
=00, AT UV R—RETIC L TCHHT o E ) T
DFR ARV AL HIETH D, 212, 2TV YRNET
Fa—HF o7 ~)LEFEH L. Latent Semantic
Indexing[12] CRITHERIT 5 7 iE8 H 5 (18], WoDIix, =
VTV R—RAEWRT A NE ) T E— LTSRS
NTRET D HETHD14], BETIEONA TV v REHE
BiX., FlZ—ob0T7 Fa—FEHNTNA5, it\%ﬂm
J MV EaLT UYNRETRIT 2 HEZRGUE (8.4 #)
TOoDOTTR—F NS I ENTE S,

LSH ZR\WE 27— 7L eld - HEEORFSE & L O
gl O RE[T], = 2 — AFEEOHERE8], BI#H Web ~<—
ORBOIZER DD, VTHHAFr—F T s ZEM L
e ThH20, 7)) OFEP a7 Y Fiz 3 EUa—Vo
BEHMBLTEBY  BRFEOCILIRAAT Y v RHEIZAE L
TULRLY,

3. LSH 2R =/\AT )y R B HERE
3.1 PATLIERK

SESH., TTREEHOT LT Y XABRERE

BB D
LSHIZEYsEpa—y T~ ¥7R7700
LT YIRS AT
DOBEIER AR NREER

avTIvE =

a—¥7aT7 AL . \{vw‘mﬁférz :
F—f TR — - ENE R -

FRATER  [CCxciom | 2w [ ><¥705740A9

FILLSHA ) v/
=== 5 IvTFIY AUTFEIIY il No #l

o8 | 177 N 14 ATy
] BFEED
i ¥
— y HE
1—9Jn D_N -y BEIILE g
J7{ILDB AuTIY S 2 M i IS eid
| I— g% #E0 E
uszoes | [ wmoaaom |
iyt HEUAMENS ]

{ P
(T Uokm

BEBI—D  en

#REILTUYIRE T

B 1 BEFEOED21—ILEMR
Fig.1 Module diagram of proposed method
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Fig.2 Min-Hashing example
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Fig.3 Content indexing example
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