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Word Sense Disambiguation (WSD) is the prob-
lem that has long been investigated in NLP com-
munity. In conventional problem settings of WSD,
it is assumed that all senses of polysemous words
are identified in advance. This assumption, how-
ever, is obviously inappropriate in dealing with large
Web corpora. To compensate for this situation, we
present a method of discovering word senses from

corpora.
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Algorithm 1 3-000000000000000000

00: 000000 G=(V,E)

O0: Doooooooo ¢

1: C— ¢

2: while V # ¢ do

3 Cy«— pop(V)

while Jv € C,, I(u,v’) € E s.t. (v,u), (v,u’) € E do
Cy — Cy U{u,u'}
E e E—{(uu)}

end while

C—CuC,

9: V—V-0,

10: end while

11: return C
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